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Stability Analysis of Input Space for Hopfield Neural Network

Yong-Wan Kim* and Min-Je Kang**

ABSTRACT

The negative weight often can be seen in Hopfield neural network. which is difficult to implement negative
conductance in circuits. So we replaced the negative weight with the positive by using inverting neurons. And It
has been shown that the input conductance affects the stability of the circuits greatly, and this paper offers the

way to decide the appropriate value.

Key words : Neural network, input analysis
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