AR A - FEM). 37, 231-244, 1993
Cheju Univ. Jour. (Humanities -
Social Sci.), 37, 231-244, 1993

BoksHrel AolA Fkaany g

W e] BCEE 23 (Vector Autoregresion : VAR)

o] A «*

2] Ed
F &
EEpES 19 PREE
Wy ACEF2Y  HiE
| o] 2] o} (Bayesian) VAR
EIRERRGR S AR
#3F : VAR 2¥o) glojAlel BURSHT

s <=mBAA-

I. |

Aol glo] T Zwe shbe 4ds Basiel dYASE FAshe dolth B
A, WARASS 27 AL FMAUI Dsled 2ol VAL Jge] g Aoz
=

A% a5 (institution) 7kl FEh2 e HEE Hela 3A=}H(Chappell and Keech, 1983). A9
Aol Az Aug HrpsriHAA, R E, $= Aol glo] Baidxte] FyHol
e 22Y 4 glojelzt ot

A @Ae st st ol fElE ARAY ) 9] 2} (agent) v} 7| B2 HAAYeNo] upE
= ez gdg 22¢ Yast Yk aels E7stn 3 o2& EAY AMAALE
2230l 27 (structural model) 24 223l 2 FuAol ol a)&3ich & 4 Slch
2 xRe guyae] 4L dgstedl o] HIA (cross sectional) ¥4 W 3 w] 3 3}
woh EuiAel AFEAA dygg Lotz doh V€Y T2 =¥z ulmdle] We =73
# (vector autoregression : VAR) %, & JEA oFa el wrAl 4] M| 7} (unrestricted equation system)
AMEA Ux AA-AAE 26 FAol o A ¢ S olch olaigt Ay B3 /AW

* Y Ac)sl & Ao (Dept. of Public Administration, Cheju Univ., Cheju-do, 690-756, Korea)
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o AN WA Akt BRistd $4E slod T AL ST 53& Ag + U

53 YAyl glo} 27t gol ZHL B i Yl zAE J|F AT E Yo 24
of FAFon, o] AAGH SHol WE Lo A=t FF %% (measurement) S & of
ZIAZI7| = ok Algks) e Aazie) v B3y 29 2L Y AlAld kel E4uky
< vj23 HF9 4] xo|v (Williams and McGinnis, 1988 : McGinnis and Wiliiams, 1989), &3] A=
VA F4 (test of causality) (Granger, 1969)& T s = Fayge AgAAel gle] =49
Aol 1715 ghch(Zeliner, 1984). 2ol = B3 A slol glo] A|AQY L4 g2 7
FAl0] ek £ wRollAE & Sst AL MY Bolgy A e Ztzoll Al &}
FRAA KA 2ol F4 Agstel 24e wEmagcl,

Z AL B9t agents) o] A AAFL YA 2 (constraint) Bl 4] 1] A F (preference) |

FiAole, AL B4y BAWAY 25 AN ARE Bugtony 1 & AAE =3
A17122} fhch(Sargent, 1981) & 7FPolA] &4%tch 2] 2ok A4 (constraint system) = %47
of el whel A galon], F|Eo) e Feiael LML o} & zintetxn Ut #EE 2w
FAHol glol o] bEAE FAES glon, HAMY A2y PpEyE yel g 2zt & 4
87F ok =% Falo FzYA4 2¥o] zigstx e Aol 2] A} 4 A (individual decision-
making) & £34E olsg Yok U o714 Atsi: FEiHQl Al@Eel VAR £¥e o
S Nsiold AMgYel 3ol #E djoke] ¥ 4 3 (Freeman, Lin and Williams,
1987). FAAAH gle] felv BAAS] YedE AY Yz AMH oY & Fubgt 3odz}
(actors) 9} E3t¢ 4xddoz 23 ¥ Yoot Yok oy zzte] deo|ap AL &3
¥ B F2A siofste AL AL AN A G Lofol] Fg A7) %A "ol ola
olfol Al thgel VAR 232 AA-Ax A LAy o] vz 20351 ¥EH + sle 9y
olet 3z}

I. BEEYRES 19 gkt

AAZAES AL HAA LY glo] wdo) SI=AR F9 shubr} WA (specification issue) 2}
BAY Aolth ol F3] FHAA g 2E3Eul Yol AFE ®o] A (specification) 7
ol meb Z2 (robust) 3t bE =¥l F2H o] § A Hth (Harvey, 1981). A 7 @A
AE ol2e A 99F Bohgchs AL Az s gon, Aoz 3hte] Aboll
W Hold AAE =Y + Aok AL uldch H4H o] 4] (specification) T T
T AU Aol 2l dAle] 45 AAAHA o|EEL AZEE AL T & ook

HY AN YU o 2% &5 4BAIY Y (correlation matrix)ol ¥l = HW £y
T ded Aok o) WEY xEe] Mtz Qi Fe AAMt@ priori restrictions) & 3}
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i) o7)4) o| Boll ulEl-g & 4| (specification) 27 L.th vlolel ANt BFE o|Fe] 2}
thd o]& olE& AFechrluc 259 widE Tl AAEF =37 HY step-wise3] ALY
3 e FAE $A ¥ FHelch AA £4& H3tedl o] e AP ¥Lde AR
(data set) & ZAIsIs o] 2 FAHMEY 4 (parameter) 2| F7HE el et v o] YA
od AYHoz Edo] & o|BEEL M4 FaAdg wA "ok ol WAL AsA
(Granger causality) £494ye 42 xnAe AN AFE # FUY 4 3ot (Freeman,
1983). o] AlAled x}g o} Fej4o] “QzfA (Causality)” ] HAHHY FEL 7HssiA 3] o
Soll AJAIGA QA weke WA Yoot gick =ohE 4o Grangerd] g no
Yubsh2|) sl o] 2] o} (Bayesian) VAR (BVAR) o] 31t} (Sims, 1980:1982:1986).

g0Wich o A= 2elol] cdh mok FeiEel mHle] Ay A|Ert B AR #@AEA o
8 A =59 ch(Sargent, 1983). FEAAQ o]EFoz He FuHiHY 2l HYBL A2 o|E
A ol#E 4utaAl ok AW ¥ FeAAd £ Aol e wlHel ¥ FId
(expectations) & o7 o] AjAstEulE o PA Tt otk & AAHHAE L FHAYL +
8 FIE4ES 2E37] $IalA 7| YA (expectation formation) ] EWE Yo 2c}”. P
Aol A7} dFA £8 FF DAl AYL ujxertE FEYAU ] BAL ZEH FE
= A Az Y 9xtol 2% 7]t 3 A (expectation formations) & ol ¥ Yart AL

Az 927t el H o2 (rationally) ZItHE ¥A Yot #ewl, 7€) AFAAHA Uy
& ge o8 e AshA "ok el W4 Avl W4 B F& dl&Atet shn, @A agents) &
Boll we} wlsle B34S Iuist sloxg F$ AL BAF YA 3teiF FHAY AW
2 Ugtd o) 8% 84rh Heh A4 A A HAEe AAH YA Yehol
ulebe S3 Z4)3 e A 74 B4 Yel § (random walk pattern) EoiFR lF
2] 4 5193 o} (Fama, 1970:Sargent, 1983). ¥ 2= vz} Heh & oF3t7] #13) L& 7bed B2
5 A 8317 aBol Aty 2 slge Awe Rasln, Aoz FANAL dF &7}
w4 Asl singch asd FAs A RellE4 =l olxhE (Litterman and Weiss, 1985)
U 5305 (Sims, 1982; 1983) 7 ZF& Aol HEsle] A 4+ 3l

A2 Hall(1978) 2 4] (consumption) & F47tA 3} Zo] ol & Erlsdicte 3224 7
Qlmo] Awgtso] wtEE 7la7le stedch a9 EE v A6|AAL oY £5dF
uletg S glh a2id ol&e B yelHo|n, webi Felo| L5 wEE F 8| ol
o £5¢ dlEste HES (a2 ¥AY £5)o 2 E(depend) ¥ehr) vrhE AU (ead) 3}

1) 9714 23 shie #2d 7lh 2 (rational expectation model) & A 3E AL otk o
of ga)A7hE o]zt ML ulholl&el glo] Aoz (optimally) §Fgche sHAelet @
£ o) HA oz AlAdAte] At ol glo] o &2t (fordcast error) o HFL Mol Hi9
#2853} (minimum standard deviation) & 72+t Z& ojoidch = ddd Fie YA
2ol Y + ok
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A ¥ Zolek. adels #78ln Az Lul¥4bE LAFL AX ALY A LYo Y
HY FEo2 Agsle] ok wapx A4 AA B2l W 7)) (rational expectation) & ¥ 4 5
I YEBE 292 @At vzt FAA Al Yo Hulthe AANE oY &
Ach. @ 24, desl YU BEEKE 550 o] GNPY 7| & o] 83 o] 42 &
B BRINE A4A GNP} 22 ZAAA H4e o&atas Jeid 4 A" 9927} e
ZIHE HAgohe 2 A7 AW Lol o} 4FE BAF AAE k7Y 4 gk s
VA diolete Yele YAl FuolA] FA g Yulz Hel A9 4+ 9y Ao
st ey gl sl she g TSt Ae AAYREo] Aoz Lu|sE AE
e AL FAAE ¢ F b Uoh 2o BUAY AWEHL AN SE uo Aue
oz dojete) WY FYE HAY Yasl Qo

Bl ol wEst AW == YA FE ouje Fodr? M WAlo] oy Lo
2rlo] }HEYolztr] Hept oW o] Boll g Fu glohed A7 2x|Y ue} o] A
ol gloiM e o] &2 of2 folz FE £ Sigich VHEZA, FEYHoA] Ut 5ol
W AL FUAS S AR Aol e Adeed vz Ry dgsich o9a] Bz
tazl sh=RAL woh FHAA AREHL LE PP Folo o|ESE 2FHE Ao
& 24 AFshed glo oA ol 29 Jts4e AYAIH Yest Qo EE FuA mog
Aol WAlZte SA4L W2 ¢ oA BAE DAY 4 U, ELHY (spurious) ©
HLAol BUE 7MY 4= ok BHH o|E3 x4o] gighul Sk AnBAALY B o
75 WY 4= QU

VARZWE dlolete} JAH 7HdEol AP wEoll 8o o2 5ol wlgsich 4
A2 VAREYL o] 29 £ glol& 2 sj4o] o) oldcin ¢ 4 gluh. oA 2 9ye o
TAZ 3ol dAF oz BAYE oo £& Falm, FAlol WAL 4HYo| glo] v
ol AFole AYFA ATl AAH) oulg WHE 4 Q& FHo|Ro] WM E B4
71k a2y B3¢ APl o DA Hoke AlatAy gttt 8|E By WA
olet ¥rlzte, AWAAEL 9ol $A 4L AW 8 Folo] HYys ojLoley sha
AAE AUY 4 917 wf Folc},

BAEAN loiA Bt BEY ZUTFEE 98, oFA Aol FLE NeMol ¥ Aol
7heh Bl ohgel Falel AL 7MY Yast gl

1) 2lA A2gA| Granger Causality) * 23 A AZBA 7} A Y| Axete) Yoz P&
€ F Ak o714 EREA (causal orderings) ol e JAG Aol atelolch. oA HE
€A (Granger causal ordering) £ ol & 44 (predictive ordering) ©}7] o Foll, E8¥4-& FIo)s}
Al7lnzt 3te WAL 259 AEUSolM 8% WA QA wWEE dAE + UE
RAolot, WA AeA £4& FA9 “A A ¥ (nformation set)"of] §& M4yl ITYPY 4
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90¢ ZAstE ARl =S Fo, ol YL AF 28 EEE Idist A7
£g¢ F4 € Aotk

2) BEH (error term) : B LA 2 Aol 9o} LAY FRAE U4 Yoot Yok
@e A9, LAl Agatel Ul 3ol innovationolzh ¥ 4 YUz, ol FL AR E
ol Qo) AR PEoT HEY + ek 2k L3kl ofd olE Feistr W, A
32 gue Azte] FuAel o} P slelAoket ek & 2ol EHS AAelE =v
£ulae] dolE AL 2FS BEsE Huol 2HE WAk ¢ Aol

3) £3%2] #ol(ldentification of model) : Al #F-L4o] glo] FZE (structural model) & U3}
71 913 AbgslEs Be Al ok (restrictions) & Wul 2 A€ A siAE B Ak At o
ARAAAEL 259 7AYol o] chpg FRE AEE & U7 W EFolch =apA AL
53 Fuel sidE 2 VARED HAol glo] 28] Fo¥ Bz six Xdch divsid o
AAAAE AAZ olag DA MoFg sty Ao AR TE FHE £F3tn U X3
o Bolch. wetd, FZEDLL AZF S AMFol shAE At vietHol FF Sojoky Fol
c}.

m. #e] A47]3 A28 (Vector Autoregression : VAR) © th#&

Wl €] =}7] 3] (vector autoregrseeion) £3-& T4} 4] (structural equation) =4 "=} w23}
= Re REW Uy oldcl £¢& Foh? f $AVHe A Aol A B3
g AP ol tht olsle} ol A shE chakg o] EA WA, an aF dAL oA
2% 49 “AepH (parsimonious)” A F LY el K& FE F AUk

Fze YL glo] o]Ee Yuty oz el =] (model specification) o 3le] Y43l
Z44oll wielg S3 glch ulE 28 A (specification) & HAol LAM7IY F BYH
Aol o8} o] LolAF & T, A2 2 £ WA E E4REl LAY
Ao thAto] Hl= AMH Al chaf AbH 4] (prior knowledge) & 7HAIL ke HE uldte A
ot} (Harvey, 1981).» FZ4A4] 71¥ol glo] FelH E& HelH (static) 2Y¥-& FA 3l o]
2 o]t glom, 2o Mz WA4e] Ag3te WA M4 (endogeneous variable) & 2|4
(exogeneous) 3 88 2bole] Fulo) e|&siAl sch Fate] THe BEF ool AN A,

(1989) & 258 EFel4 gl glof VAR7Ie #87b54A o

2) Freeman, Williams, Lin,
& =95tz gl i .
3) =& FzuAded U] AAdEHe A 570l 27575 ch M, FAAE AlA

Aol g3CHARM (autocorrelation) ) 2§ #AY Yaob ged, o BAs ‘Q"&ﬂ%. Eaﬁtj&
(Generalized Least Square) & 4% + Uk asy ol 3 &3 4 (cross-sectional) &
heteroscedasticity £ & #1730l o34 olg@ch AAA 44 zobg e Transfer

Function Analysis7} 1ot ol Aeol# Aol vl g 3 AUk
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42 ol ZYA A AolF (N3 A 2Ag A A}

VAREYZ T2 293 292 o2 Yo 7HE AYsle] AWHALLE ol33l7] Hg
@ o8 Ao shs4de F2¥ch oelx VAREYE Mz AYdAd 9t o|EEe
B4 AF 2w ok, FAlol ol24 FY st5AE Aol Utk o L7 AR
€ AL %8l dslche Aot (Freeman, Wiliams and Lin, 1989). W3] 94w 4ol o
AtE 7h3Al gow], 2718 WA 4 (autoregressive equation) &) %At EHUALe] WA £z}
o} FYsleh ole FYUY AU (regressors) 7t 74 g Aol Tslo] YL L ol @
oz WA 2 &l HAEA =& BEES] Yol(ag lengthE vz Aoz 544
diolelofl glojME uF 6). YWHoz VAREH S Jelim cohgs o)

Yo =25 BmYes + e

3714,
m-& A AMH
s 7 Aol Z¥siE )3}(lags);
Y AlAId4de m x 14)¥;
B mxm AAs §d; a2
et Adge mx 1 4.

o1 2]9) 4448 (constant term) ol vt 298] M 4 (deterministic variable) So] L4 4 gl
Y q7ixe B4 A9 sideh. 8% VARZEY L 39 (reduced form)©]7| o Eoll AbaiAl4
o SedolA sdste A2 8 oul7) ok wAd Bl FlHQ B4S 9 AAY xRE
BE)T =3 (moving average representation : MAR) &2 Jehd £ gic},

Yo = 25 Apeqs

4714 Ax B9 WHANA (inverting) HoAE, & A = [1- 8] ™" olEFFd mxm A
BAS Ydolch wmebd AAD e MAd g F $EE nfinte disturbance =&
innovation) & YA 24 ZPH + 3lch. MARo) 0o 2xb& Az BHo| gle Aoz s
o. 23y fele VARE 243z MARE A ste glo] 2317k AngAs) gicks 1A
€+ ¥ Y9t glod, #EAS WR-HWR 9 (variance-covariance matrix) & Ile 2 vehd
F At e o WYL dgH o] B Yoz aAue] W (s=0) HWE

(contemporaneous covariance) ¥ whge] ¥ 4 9lc}.
G'32eG! =],

ateta], A QA4EHE T3 ABY Aol APPAE UY 4 YA o, Agegs)= A
GVis) 2 WY 4+ U714 v=eG). 713 YulH o2, WE-HWE 2 (variance-
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BoRA el lolM ke (AR

covariance matrix) & #%t Choleski #3]7} o] &s5lx, o]+ 2 a2}€ (orthogonoilzed) innovation
£ 4234 "t o] Choleski 3l 8 RETF =) 3 HRM 4 & ¥t MAR 4]
Fellold¢ & VARS#ol gleixe]l Zh4oll QleiA innovationell ~|Qisle HAE (W2 +
g 71 Yok o)A Yoz 7 HEE e PAY =& sty 4+ A
MA(PAAE)HY BEE(ag) A 41t (exogeneity) o4& AF37] 98 modified
likelihood ratio S-A|ZHFol o] ¥ + 3Uch o] FAPFL AT st A (restriction) ¥ 42
49 354 AHES 7H3 #HEAIY (asymptotic) X* $EE Zixlm Qlch ol & uEluid;

(T-k) (ogl x| - log| Zul).
o174,
TE Al 2Alde B& A (case):
ke JEA ok (unrestricted) VAR 2 3loll 4 2Asie B B
S & o (restricted) VAR 2.3 0] atzisl &M B (variance-covariance) 8%
S e JeA o (unrestricted) VAR 53 9] 2ty SE- R (variance-covariance).

$E4EME3 (null hypothesis) & ¥ whA Aol glojxle] Aetd el g ojojsie, & W49 MA4M

ve 9 3F F-3AE o)4¥ + U’

VARZ S Aozt A £422 stedF 28] B FuE 273k gecte Aol 7t
Ssea gAY Ao Se g ARE $EUce Aojch VARERHS AHgabs 44
zero-order restriction® E3 ¥E sls ALE Trlste FERUAAL Aol Wi HYE
Uepdich oZohy, A Aoz Ad dWEE FAA A gl $AAY AAS
BolZ 47} gleh. B 2EHQ Zmoy 8wl VARZYS B4t AadA4g 73Ade ¢
olSolm 7bEA ald Bitdol AL HFux vl Ao|HE WY + Ut olE FF
2ol AR &uio]A 2w VAREHE W § §& AA S (coefficients) & TR gheie HE
o] 57|x %t

SA B £3] Zzste Bz 2o A (parsimonious) & F2 e, ol FAA
23 Aol Qlo] 22 ol $7 Uch 2y 2] A4l (model fitness)oll FE 7IE
o] ©§4] (specification) ol g HUFoz e AFatA $& 471 ok AMPA AP 7P A Y
3 sele oS By 47 gleh ool Aok mE 8ty 2ulol AYdAE Ude FALY
% gt A2 AMEH Yol € 4o A¥at 2oy dYel JgE vjA= YAA
Wz ANH B o|BEL HZ3hE ul WAl Uk wheF ey Aol sasivd, ol
w2 dlojels %Ay Aelnd, w|F FAMAA=] Y AHsieul Yo vz A ojE
& st grlgE a2y olfe| Bue FYAH FFoz2 AXdda dAY YaE Ut
VAREWo| 2zt st 2& A% 28 (model) o) HlolebE Abolel s abstn FeiH<l

4) ole) AMA HAgg AN <]AY01992) A=
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YAE A3 E + Ucke Aold. 2o} A8 (data-driven) ol ¥l}E F 7olat ¥ 4 Y+ VAR
YL o]EAA AWelAe FogAo] AFAHQ AdolA ot BAHE 4WY 4 Uckm ¥
4 3lch

VARS =3 #2]7|d) 23 (rational expectation model) &} 7}d Ao AHEH BAHL 8 $3lxn
ek e AZHALYS] BWE (residuals) = MAHSY £E FUEF YEY BUEM (inear
forecast) o] QoA 3z (error) o] 7] wfFol innovationse 2 o{AA 4 Yt wabd, Fajo) U
o119 g2 qlol it ofm @ FE o] FH ¥ 2| Yl (moving average representation : MAR) 2 f
B 4 glen, ol Mol glol oll&sxl ¥ FAo djal oA M} wgsEst
Bede RoAFA "ot Aldrh, VAREYO] QloiAe] @Al 7 F (causality test) & el7]
HEYol A AAH A (exogeneity) & HFd ol oj£¥€ 4 o HHE= ulel 4w
(consumption) 7} Hall(1978) & 713 & w2 c}H, 458 a8 A 2lA33A o] A E (Granger causality
tes)oll 4] A FPsol ¢ Aolct. MAREA S A4 HASE B8l 2ol 7+2yA4 9
Eglo] F2€ AAAA AAUMEE HAFE F ok

Holl A ddd VAREY | A2 FAlol 29 44 & WEsln gk & VAREYE 733
dl o] S dlolelE Hudx ¢ F4E F £ Aok FuE AAALY AwY} ge
¥t FF Uk 1A S st AW ¥ L4 (parameter) o KA AiA o2 E 3
HozA A AHtHE AAUA sln, AdH o2 BRPL (overparameterization) HALS
WA S Yok ol d FAHE ML 717 2% shte] Yoz MBENe] ¥} (parameter
space) & A3t o)At HATHIF (Bayesian priors) 2] 2188 42 & 4 Qo

Iv. d] o] X ¢} (Bayesian) VAR

VARE Yol o3 3ol ge AFFARNAEL o] Y9 dodg 2423 A3
cf. ol AAE FAHolY 49 £AF Foldol wal £ FAo|y dE&FYHe] antE
Za3t7] W Folch(Zeliner, 1984). ol A AAQ 2elol @2 FAAH ZAFo| 74 Auide] 7
sicte A€ oolsirle o

Bayesian VAR(BVAR) =38& SnlaAye| o3 glo] 249 7} (parameter space)-& ) 2ks}
€ Y& MAIgch(Todd, 1984 :Doan, Litterman and Sims, 1984). ©°l& wiA|& /% A<t
(exclusion restriction) 2| Ut <l Heh2 olH Y = ity Ax= ulo]xt AT Bayesian
prio) & DAY Pl YA c2Re st HEE WA Ee AL AW € 4 QU
& 3he) AT E 022 AAdYche AL AT A2 WE (zero variance) € ZE ABASF
o H# M2 Bayesian priorg 4Ast = 2L ojvjelct. BVAR A& Bl uig

5 ol =wdol 9le] HiipE (degree of freedom) 2] 4§ Z£417In] 2eig B A Y (overfit) ¥ o
7} glch
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o2 FE dlolelrl = A3 (overfit) 3 A& YAstEul F&3ickes Aol stz Yt
A gl ol FxubAF 4ol Lol il Yo Aeg dop= A} Aolst Uk ek 7
£ AlAdAe BB BhES ¥usicd Feish oA "Hco. 8 28 Bayesian
priors& AA3ted o] FAHAe Aol AR + Ydve A YAW, ILEAHQ Bay-
esian priors ¥elgl & 4 Qe FzuAAlY A2 2l %(zero-restriction) 3 ]2 F 1 F
AAe 2o BF4L Fo4¥ & gop(Witiams, 1987).

BVARS 8- HA L4 Fofol| glo] o} Z7|ebAlzl ¢ 4 U} (McGinnis and Williams, 1989).
Aol glo] HFAEAEl oj¢ BVAREHS AAL diAa F H2Hodl vigE F32 9
o, 7b3 destn =do] Aol A wisol chy MIFE (random walk) 7Helct ol ¥
ApA A of (prior) & F2 Sims (1982, 1986)°] ¥ Agsin it AN ASEHY FH
Aol ©f /Aol ¥ Litterman(1984)2 ol E (@A)l =<8 (loosely) ul®E & AR
(priors) & At&3tx Ut

%1 random walk prior2 21Z% w420 AMA Al3H(lag) & MY =S AVAF prior
S§FL A2z AAdch AN BFL oir|A 12 4 ALY ol priorel]l Z¥H A
8o oFe Higolch e BF5I, “s =<&§ (fairly loose)” random walk prior§ A&
oz S FLo| BEAY (overfi) Al H1E RE g & Uz, FAlel o= Y o
Eol EAjo] MaslE AL =g 4 glch Litterman(1984)oll =t2d 209 oj& 5L WsE
o] TarslE: wAol g} Wol) zy] chad u|FE 224 (weighting) ¥4 € + ok °l
& 22 o]Ee} o2shA sEdl, o AL FzUAANY A (prior restriction) o] 4] AHE ¥
2qA e @y o] gich Littermane] £4714-& 2249 oll % (forecasting) ol ¥1F& & 222
] gelo] HAA (fitness)oll & 28 FE3ict € 4 ¢l (Sims 1986).

t}& o2 priore] 3% x}(standard deviation)oll cH# dF¥ Y87} glch. Litterman {1984) oil
2o, BZHEAE U aAY 2 Az @ A Adstz Yok wE B¢ BRss
(overparameterization) @ Ao] dojutm, w2 &R $ o)) & 2 3} (forecast error) 7} #H XA ®c}
priors& AASHE YA ol g Tl A4S Y Ested Uk HRY FFHAE VAR
2o BEFEY AlFalloldE oksl Al 4 k. =¥ VARZ®e] glo 2t A & (tighter)
priore} A3 SH4E7e] 7|EBAE 51 471 Aok wekA priore] EERA Aol
glo] BeAol wlge woio] kA4 Huo] YaH "L&F APHMY (loose prior) & ZHhE A
olc}. BIHHfE (degree of freedom)”} 74 %ol whe}, Mo} ¢l A & (tighter and tighter) priore] 4%
& ;854 3} (overparameterization) ¥4 FtsAE H43t A|AF Aol

bg

6 ol2l¢ WIEEM (random walk) priore] 44L HMel oA&ol4 ¥ & UKol AAL A&
2ol el oimgt HuE A3 4 Az Yoz random wake} ZHHE AL @
4 9lE 713 €49 (naive) $Zolet ¥ + U
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V. ﬁ"ﬁﬂﬁ%i’—] N (Decomposition of contemporaneous relation)

VARE Yol gloiAe =oig FH4jAL innovation?] [FE;A ol (contemporaneous
relationship) SH¥ F=2 E4olzt ¢ 4 Uck VAREAL 7|Exoz WEME A2 53
Mg 2o A ms 2PPAE yweled Yok 28y VAREYE 23} (residual) & o
ZHd MR 177 (diagonal covariance matrix)o] LAHAE gt wela wHio ¥ Lyog
7+ & 3t A< innovationo 2 Mol thall H2E =& o[ £@ Aee ¥ = 9
o ol M) MAR Al Fallo]dg 3l o] innovationsE Aole] BAE FAHY g87} gl
o|2{¥ innovation Atole] TAIE el P LuHQ yYwoz Amyo T @ ti-
angular system of recursive relation) 2} ¥ 4 3+ Wold HERE A< (Wold causal chain) & o
Aldh= Zeoleh. ¢ [FEEE #EFARALE (contemporaneous correlation) 7} 2Ewl MAR A|F3joj4de
1 2H4Al €4 (causal chain oredring)oll = 27 3}c}(robust) 2 4 £ oy &, [EEy
innovation®| A€ innovation Aho}o] M (covariance) o] 2L kA 4 Az o] 4o
Al 22 Fog oulg Zx) YA,

VI. #53% : VARRE o) 9101219 BUR Ot

ALYl glo] VAREHS HEA4L #8] Sl T2y eystel v)aiygo oj# ¥
Yozt ok o714 f2le stubel Uye Zodor] o, Tyl WAE AL o]
¥ Hart 3ok & fE7 A F2E HAsA sty 4 ooy, 18jn 2w A0 A 4
7b ad F2E FE8 A9Y 4 UdE FRYPA 2y =y £ g 23y AAz
ANYEEE FA3E AAE 2¥A7 Faloh ol FUsA 2 F2E dsglon TRy
o HYLE A AT Ax AANY o)]2EL HY THY wEolzkn ¥ 4 9ch (McGinnis
and Williams, 1989). °|2|¥ o4 VAREH-2 A2 ZAAPA Yt 2UE o8] v}
< A UlE & Yok e HEAA AN UYAE wlmy Aolg)

VARE¥ol lojA] Ao AMAAL “ub8H (reactive)” ol At ofmd ‘&g 4 gl
(unpredictable)” 2 2. o8} © 4 Qlch. FAE o4 AL AWHS+E YA He
F@oh. FAlol WL U F294Q (random) HEHZ A o| A & JE5H AAo
3 2= 4 gl weby ol AAYEL AMHS] glolH FAH ool innovatione 2 )
W+ 3k ol AW innovation(z $4)9) A Mo BEEY Yo 747 et
Y 4 3lch

dtH ez s, VARZYo| wexiel Jio Pllo|yd WY w4 Yul§ 2 Uzl
%7 (a sequence of shocks) 2.2 Ao ¥ 4 g} z2)n AN & 3} (policy impact) = VARE Y
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1. PEYWHA (structural model) 2 HE X7\ 28 (VAR)2| bjm

T4 2y e z273H 2y
t4AF AEA AdAds 4 (FAA fo=, t dte] (block) 8 FPAsA HE fos
-4 ¥4, 299 AY4 (goodness 24, 44 AZF(F-ZA%F, modified
of fit), oll& 2l YA likelihood ratio test)
Fula 24 Al Felo)d: AAEH, ¥FA A ¥4 (stochastic) 2] 8l e} 4, innovation
accounting : JN¥ A =& Yo H4ol
910 = = 2}¥ (orthogonalized) %) o
3 MAR ul-&
o & 2a), AdA4, ggHs B4 5 ool REwSo QlolA Aasd I
(forecasting)  olZ2s5}E4e] 24 9 243 pHE dFexF4t(forecast
error variance) 2] -23}
A 34 oaw4 el A AMAT AR WAH Wz Rel&a Ha4zad FA, A

24 Ay Ao aziek Wy
WAHEzAe] A7 ANZF A
A Fadel iy AEaA G4l
el 22F Heof AAA 2l o
ki

WAl U] eJaiwig2 ol A, Aol
gle] HAAEAAZA AR

A innovationd] A3isl F|gE AF2A
AAHS£ 2ol A o|FHIFYE, A
Aol Aze] AF2zH e AL
Aol dig uhgd &

7ol g FdzAe gAL WLds
o oad Auz e Y 2E 474
o s

%%} : Freeman, Williams and Lin, Am. J. of Political Science, Vol 33, No.4, Nov. 1989, pp 848
~89

o thgt o|EHF Al Falo] o] vheluA ot aieba AMEHolH Fyo AMAN =+
ojed EFE AP A innovationol s VAREZ o] = cighHQl o] FHF 1§ (moving
average response) &2 WehlE Aolzh ¥ 4 glch =, ghel AMAN L Aol UoiA
WAL 7hskx gdcind, AMM4E o] olAH 1A E (predicted value) & FXI3HA ® Aol
o}, ubm A2 Aol ofE AW sz RE A”E oA Heh
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Summary

An Alternative Method in Policy Analysis :
Vector Autoregression (VAR) and Bayesian VAR Model

Kyung-Won Lee

In modeling the policy phenomena, We often are forced to estimate dyanmic model
which requires us to include more anout the complexities of reality. Yet, our theories are
not fully capable of revealing all the functional information relationships for existing
complex and structural moedels of political-economical Phenomena. This particular project
is based on the idea that individual agents’ decisions are a function of their preferences
and a constraint system, and individuals attempt to optimize by judging the consequences
of their decisions within a complex environment. But constraint systems change, and most
of conventional dynamic econometrics ignores the likelihood. We can not ignore this
possibility in our data analysis. We must be more explicit in modeling ovserved behavior
as a consequence of optimal choice and we must understand that so-called structural
modeling techniques on which conventional dynamic econometrics is based usually ignore.
I introduce that the vector autoregression(VAR) methods of analysis and the Bayesian
VAR, a weakly restricted equation system (in contrast to the unrestricted one) offer an
alternative, which is more satisfactory for dealing with dynamic statistical models in policy

analysis.

_2“-



	I. 서론
	II. 의사결정과 그의 동태성
	III. 벡터 자기회귀모형 : 성격
	IV. 베이시안 VAR
	V. 동시관계의 분석
	VI. 결어 : VAR모형에 있어서의 정책분석
	Summary



